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Partisan Pandemic in the UK:

Individual views and mobility during Covid-19

Abstract

What is the association between partisanship and individual views as well

as behaviours towards the Covid-19 pandemic? This research note explores

how and why there might be differences between distinct voter groups. It

addresses this question empirically using two datasets collected before and

during pandemic: a daily survey covering nearly 100,000 individuals and county

level mobility matched to UK 2019 general election results. Our findings show

that partisanship is strongly correlated with differences in both individual

views and behaviours. Conservative voters were less likely to perceive Covid-19

as dangerous and to stay home during the national lockdown. The effect of the

national lockdown on mobility was negative and statistically significant only

in less Conservative counties. Thus, partisanship is associated with pandemic-

related individual views and behaviours even when there is broad consensus

among main political parties and the government about nature of public health

problem and appropriate solution to the pandemic.

Keywords: Pandemic, Covid-19, UK, Partisanship, Google mobility data,

survey, political polarisation.
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1 Introduction

Covid-19 has led to nearly 6.5 million deaths worldwide (World Health Organization,

2022) with profound economic, political and social consequences. Yet, we still know

comparatively little about whether and how views of Covid-19 and behaviours during

the pandemic were associated with well-established partisan divides between voters.

In this research note, we examine the extent to which partisanship is associated with

people’s various perceptions of pandemic-related threats, their behaviour as well as

compliance with public health measures.

Understanding the relationship between partisanship and attitudes as well as be-

haviours towards the pandemic is important: if perceptions of Covid-19 differ strongly

depending on pre-existing party preferences, partisan divisions in societies might un-

dermine the ability of governments to effectively address the pandemic crisis. Certain

voters who hold systematically distinct beliefs about the seriousness of Covid-19 may

be more reluctant to follow government policies, precisely at a time where united

collective action is most needed.

The UK presents an interesting case to analyse the degree to which partisanship

accounts for individual differences across distinct dimensions of Covid-19 perceptions,

attitudes, and behaviours. It had over 200,000 deaths (WHO, 2022), making it one

of the countries most affected by the pandemic (Roser, 2020). It also implemented

a strict national lockdown in March 2020 (Cameron-Blake et al., 2020). To the

extent that the pandemic and the national lockdown adversely affected different

segments of the electorates in distinct ways, this represents a good case to assess

how societies’ partisan polarisation relates to Covid-19 behaviours and attitudes. In

addition, the extent to which the UK is politically polarised and driven by partisan
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dynamics has been widely debated in previous literature (Evans and Neundorf, 2020;

Cohen and Cohen, 2021) and some argue that the British Public has “depolarized”

politically (Adams, Green and Milazzo, 2012), so it is neither a ‘most likely’ nor a

‘least likely’ case for observing partisan differences on Covid-19. Yet, there is still

limited evidence on how partisanship may have influenced how individuals perceived

these interventions, and whether these perceptions in turn affected their behaviours

during the lockdown.

This research note briefly reviews the emerging literature on the relationship between

partisanship and Covid-19 views and behaviours, which reveals mixed expectations

and findings in other countries. On the one hand, given the distinct ideological

characteristics which we document in the next section, right-wing voters can be

expected to be less concerned about Covid-19 and less compliant with state imposed

public health measures than left-wing voters. On the other hand, voters may align

with the views and policies of their preferred political parties, so differences between

voter groups are critically dependent on whether any differences between politicians

of distinct parties are apparent and the political ideology of the party in power.

In the UK, both political parties seemed to take Covid-19 seriously and it was

the Conservative government that implemented the national lockdown. From this

perspective, there could be few differences between Conservative and Labour voters,

or it could even be that the former are more compliant with the lockdown.

To explore this question empirically, we provide correlational evidence at two com-

plementary levels of analyses. First, we examine a uniquely large and geographically

granular daily survey of nearly 100,000 respondents in the early period of the pan-

demic in the UK. The large number of questions it contains allows us to explore
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empirically the relationship between partisanship and a wide range of Covid-19

attitudes and behaviours. Second, we create a novel dataset matching Google mobil-

ity data throughout 2020 with information about vote shares for different political

parties across UK counties in the 2019 general election. We then analyse the effect of

the UK national lockdown on changes in mobility, for counties with different levels

of support for the Conservative Party.

Our findings suggest that Conservative voters feel less threatened by Covid-19

and were less compliant with the national lockdown. This echoes findings for other

countries and provides an interesting contrast to studies on the US where Republicans

tend to perceive Covid-19 as a more minor health threat than Democrats and are

also less likely to follow social distancing rules and to wear masks. This research note

provides evidence across a wide range of dimensions and using different datasets that

a similar partisan dynamic can be observed in the UK, despite the much greater

consensus among both political parties with a less Covid-sceptic Conservative party

which instigated and strongly supported the national lockdown.

2 Theory

This short empirical research note cannot do justice to the large emerging literature

on Covid-19 nor provide a full theorisation of the potentially complex relationship

between partisanship and pandemics.1 Instead, we briefly review relevant studies on

partisan responses to Covid-19 to identify some possible theoretical expectations and

1 For reviews in political sciences see Devine et al. (2020) and in economics Brodeur et al. (2021).
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summarise findings in other countries. To simplify, the literature can be divided into

two broad strands.

The first focuses on the ideological characteristics, views and attitudes of voters.

Studies adopting this approach tend to find that right leaning voters are more sceptic

of Covid-19 and less compliant with public health measures. Right-wing individuals

tend to prioritise freedom (Bharti, Gratz and Fitzgerald, 2022) and the economy

(Mellon, Bailey and Prosser, 2021) at the expense of public health (Ramos et al.,

2020). Right-wing ideology is in some cases linked with distrusting science and

misinformation, which can lead to Covid-19 scepticism and undermine adherence to

public health measures (Latkin et al., 2021). The crucial mediating role of science and

information has for instance been documented in Brazil (Xavier et al., 2022), Poland

(Kossowska, Szwed and Czarnek, 2021), and France (Schultz et al., 2022). Differences

in media consumption also appear important to explain Covid-19 scepticism and

lower compliance among right-wing voters (Pennycook et al., 2022).

The expectations that right-wing voters should be more Covid-19 sceptics and less

compliant with public health interventions have been corroborated in a wide range

of country studies. In the US, conservativism is associated with Covid-19 scepticism

(Latkin et al., 2021), which in turn is associated with lower engagement in preventive

behaviours (Pennycook et al., 2022). Republicans also exhibit higher science denialism,

different media consumption dynamics, and higher economic concerns that make

them less pathogen-avoidant (Samore et al., 2021). Similarly, right-wing ideology

leads to lower Covid-19 threat perceptions and lower support for public health

measures in Australia (Clarke, Klas and Dyos, 2021). Brazilian Conservatives also

exhibit less social distancing than other groups (Ramos et al., 2020; Calvo and
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Ventura, 2021) and right-wing voters in Spain were less likely to comply with social

distancing (Gualda et al., 2021).

H1: Conservatives are more Covid-19 sceptic and less compliant with national

lockdown.

The second approach emphasises the position and views of parties in government

as key factors shaping the Covid-19 views and behaviours of different voters who

may have more or less support (and trust) in the government. Indeed, voting for the

government is associated with greater support for COVID-19 responses in several

countries (Jørgensen et al., 2021). In addition, institutional trust predicts nearly

all measures of social distancing compliance in Spain (Gualda et al., 2021), while

Japanese conservative voters’ lower likelihood to underestimate the pandemic has

been linked to their higher trust in the Conservative government (Qian and Yahara,

2020). Conversely, feeling close to an opposition party is associated with lower trust

in institutions overseeing the Covid-19 response, for instance in Turkey (Dal and

Tokdemir, 2022). Yet, this association between supporting the incumbent or the

opposition, trust, and Covid-19 views and behaviour depends on the position of

the elected government. When the latter is Covid-19 sceptic, then the dynamics

switch. For instance, supporters of Brazil’s Jair Bolsonaro report lower perceptions

of Covid-19 risks than opposition supporters and independents (Calvo and Ventura,

2021). Similarly, Kaushal et al. (2022) find that support for Trump is a far more

important driver of Covid-19 scepticism than partisanship. Declarations by elected

leaders also appear to matter. For instance, French President Macron’s televised

address focusing on cooperation boosted willingness to comply with restrictions
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(Anderson, 2022). The partisan compliance gap in the US narrowed when directives

are given by co-partisan leaders (Goldstein and Wiedemann, 2022).

Thus, in countries where the difference between right- and left-wing parties are

more minor, or where the right-wing government in power is very supportive of

Covid-19 restrictions, it is plausible that right-wing scepticism and non-compliance

fade or even become less pronounced than for left-wing individuals. For instance,

in the less polarized Canadian context, the cross-partisan agreement of political

elites on Covid-19 issues was partly responsible for the fewer partisan differences in

Covid-19 attitudes and behaviours among the electorate (Merkley et al., 2020). It

might therefore not be the case that Conservative voters are more Covid-19 sceptic

and less compliant in the UK case. Indeed, the Conservative government initiated

the national lockdown in March 2020 so to the extent that Conservative voters have

greater trust and incentive to the policies of the government they elected, we would

expect that they had greater compliance with the national lockdown.

H2: Conservatives are less COVID-19 sceptic and more compliant with national

lockdown.

However, the extent to which the Labour and Conservative parties shared similar

views about the nature of the problem and the appropriate solution, and the degree

to which the Conservative government had a clear message, are both contested.

On the one hand, most Conservative politicians and the government were much

more convinced of the seriousness of Covid-19 than in some other countries, most

notably the US (Rutledge, 2020; Sharfstein et al., 2021). The Labour party also

broadly agreed that this was a public health emergency. On the other hand, direct

communication on lockdown measures was perceived as contradictory, even among
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government supporters (McCormick, 2020). Early on, Johnson downplayed the

threat of pandemic (Jaworska and Vásquez, 2022). Following Johnson’s Covid-19

illness, some ministers had begun to debate reopening only three weeks after the

implementation of lockdown (Mason and Sample, 2020). Ultimately this damaged the

government’s credibility (Lilleker and Stoeckle, 2021) which could sow distrust among

the public and lower adherence to social distancing (Donnelly, 2020). Taken together,

this partial but changing consensus between the Conservative party in government

and the Labour party in opposition might lead to no substantial differences between

the two voter groups.

H3: There are no significant differences between Conservative and Labour indi-

viduals in their perceptions of Covid-19 and their compliance with government

lockdown.

3 Data and Methods

3.1 Survey data and methods

Our individual level analysis relies on a survey collected daily between 25th of March

and 18th of May 2020 by YouGov. Our data therefore begins in March with the

announcement of a national lockdown by the UK Prime Minister Boris Johnson. It

is a repeated cross-section survey representative of the UK population with a sample

size totalling over 100,000 respondents. We focus on six questions to capture attitudes

and behaviours during Covid-19, which for reasons of space we detail and present in

the appendix: two are about the likelihood of catching and recovering from Covid-19;

two are about whether Covid-19 is taken seriously enough and whether it will cause
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more deaths than a normal flu; and the remaining two deal with individual behaviour

(whether the respondent left their home for any reason at all and to what degree

they have self-isolated). To identify partisan affiliation, we use a survey question

about which political party respondents identify with.

Our empirical strategy aims to estimate the association between partisanship and a

set of behavioural characteristics and beliefs about Covid-19. We perform a series of

linear probability regressions and our main specification is as follows:

yi,r,t = αr + βPartyi,t + PZi,t + ϕCovid Deatht + θt + θ2t + ei,r,t (1)

where yi,r,t is the outcome of interest for an individual i living in region r at time t. Our

empirical analysis includes six dependent variables created using the aforementioned

Covid-19 questions: four are about respondents’ views of the pandemic and two are

about their behaviours. The coefficient β captures our main regressor of interest: it is

coded 1 if the respondent identifies with the Conservative party, and 0 otherwise. We

control for various individual time variant and time invariant characteristics. First,

we include a number of socio-economic and demographic attributes, Zi,t: gender; age

groups (18-24, 25-34, 45-54, 55-65, and 65+); education levels (high, medium, or

low); social grade; marital status; number of children; and employment status. We

provide summary statistics in the appendix. Second, we account for unobservable

time invariant regional heterogeneity by including regional fixed effects αr.2 Third,

we use data from the UK Office of National Statistics to control for the incidence of

Covid-19 captured by the number of Covid-19 related death in the last 7 days in

2 Note that the survey identifies respondents’ location across 148 regions.
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the UK prior to the interview of the respondent. Finally, we include a time trend θt

and a quadratic trend θ2t .3 We cluster the idiosyncratic standard errors ei,r,t at the

survey day-region levels. The model also uses appropriate survey weights.

3.2 Mobility data and methods

While valuable in its temporal and dimensional granularity, individual level data

might suffer from social desirability bias as it does not directly measure behaviour,

but merely asks respondents to declare their views and behaviours. To address these

shortcomings of a survey approach, we complement our analysis with an extensive

county level mobility analysis. We create a novel dataset by matching Google Mobility

information covering the period from February to December 2020 with the 2019

General Electoral results for each English county. Excluding weekends and public

holidays from our dataset yields 300 days with mobility information in slightly under

50 sub-regions across England (more details in appendix). The main specification is

the following:

∆Mobilityc,r,t = γ0 + γ1Lockdown ∗ Conservativec,r,t + γ2Lockdownt+

+ γ3Conservativec,r + γ4Covid Casesr,t +ΨXr,t + αr + ρt+

+ ρ2t + εc,r,t

(2)

3 Note that our results are robust to using a linear version of trend and including day fixed effects.
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The dependent variable in this model is workplace mobility, which was collected by

Google. It measures how job attendance varies every day.4 We take the first difference

of this variable to remove any non-stationarity: long-term trends in mobility in certain

counties, which might be associated with pre-existing Conservative support, could

spuriously correlate with a differential partisan effect of lockdown. By contrast, a first

differenced dependent variable removes this risk by testing the association between

lockdown and daily changes in mobility. Our regressor of interest is the interaction

term between a Lockdown dummy that takes value 0 before the announcement of the

national lockdown in the UK on 23rd March 2020, and 1 thereafter, and a variable

measuring the percentage of Conservative votes in a particular county in England

in the 2019 general election. We include several control variables (see appendix for

summary statistics and sources): logarithms of population density, wages, house

prices, ethnicity, and the logarithm of the number of Covid-19 related cases (at

regional level). Finally, we include a trend ρt, its squared term ρ2t and regional fixed

effects, αr. We cluster the error term εc,r,t at the day and region levels.

4 Each daily measure is relative to the median value for the corresponding day of the average for

the five-week period from 3rd January to 6th February 2020. This removes day-of-the-week effect

but not any other medium to longer term trends in the data, hence the need to first difference our

dependent variable.
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4 Results

4.1 Results for survey analyses

Figure 1 plots the coefficients for Conservative individuals for the six dependent

variables, with and without controls, to illustrate whether and how much of the

partisan differences disappear when we control for potential confounding factors (see

full results in table C.1.3 in appendix). We find that Conservative individuals are

much more likely to think that “Covid-19 is like a normal flu” (12 percentage points

lower, equivalent to about 20% of a standard deviation in this dependent variable)

and less likely to think that “Covid-19 is not taken seriously enough” (by more than

7.5 percentage points). Being Conservative is also positively correlated with being

“confident that one would recover well” (5 percentage points higher or more than 10%

of a standard deviation in this dependent variable) and significantly and negatively

associated with having a higher “perception of catching Covid-19” (5 percentage

points higher). Consistent with these more Covid-19 sceptic attitudes, Conservative

voters are more likely to leave home than other voters. Finally, in appendix E, we

further show that partisanship is highly predictive of Covid-19 views and behaviours

when compared to other well-established predictors.

We carry out several robustness checks. First, we replicated our results with Labour

as compared to Conservative individuals in Tables C.1.1 and C.1.2 in appendix.

Labour individuals are less likely than the Conservatives to think that “Covid-19 is

like flu” and that they will recover, as well as to leave home, while they are more likely

to think it is “not taken seriously enough”, that they will catch it and to self-isolate.

Second, we have replicated our main individual level results using probit and logistic
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regressions (Tables C.1.4 and C.1.5 in appendix). The results do not change when

using these approaches instead of Linear Probability Models. Third, we replicated

our main results including time fixed effects in Table C.1.6 in appendix. As one can

observe, our results hold throughout all specifications.

Figure 1: Attitudes and behaviours related to Covid-19 for Conservative voters

Note: The plot shows the coefficients (with 95% confidence intervals) capturing the effect of being

a Conservative voter (as compared to other voters), extracted from regressions of attitudes and

behaviours towards Covid-19 on partisanship. The results that include all parties as compared to

Conservative voters are reported in tables C.1.1 and C.1.2 in appendix
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4.2 Results for mobility analyses

For reasons of space, the full regression results for our mobility analyses are shown

in table C.2.1 in appendix. The coefficient for Conservative share and lockdown is

negative and statistically significant, while the coefficient for their interaction term is

positive and statistically significant. These results suggest that the national lockdown

was associated with a fall in google mobility indicator measuring movements to

workplaces, as would be expected, but that the size of effect was smaller in places

with larger Conservative electorates. In Figure 2, we plot the average marginal effect

of national lockdown on the change mobility conditional on the share of Conservative

votes. The average marginal effect is negative and statistically significant in counties

where the Conservative party received comparatively lower votes in the 2019 UK

national election. By contrast, the marginal effect is not statistically significant in

counties where the Conservative parties received comparatively more votes.

In terms of magnitude, the standard deviation in the first difference of workplace

mobility is 6.64 so the interaction term of 7.82 is slightly over 1 standard deviation of

the dependent variable. At the lowest value of Conservative share, the marginal effect

of lockdown is negative, statistically significant and around 2.5, which is roughly one

third of a standard deviation in dependent variable. At more reasonable values such

as 35% Conservative share, the marginal effect is negative, statistically significant

and above 15% of standard deviation.

We carry out a number of robustness checks. First, replicating this analysis for

different time windows in terms of the number of days included in the analysis

(specifically 100, 125, 175, 200, 225, 250, 275 and 300 days) does not change the

results (see Table C.2.2 of appendix). Second, we re-estimate the model for changes
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in transit mobility instead of workplace mobility: we find that the lockdown was

associated with less mobility only in counties where the Conservative party did not

receive a large share of votes (Figure D.1.2). Third, we check the robustness of our

results when we control for essential workers, most notably in the Health sector

(see Table C.2.4 in appendix), and when we control for access to different types of

transport (see Table C.2.3 in appendix). Fourth, we rerun our analysis while including

time fixed effects (see Table C.2.5 in appendix). Finally, the interaction effects remain

statistically significant if we rerun our analyses on the level instead of first difference

of our two dependent variables ‘workplace’ and ‘transit’ (results available from

author). Our findings remain largely unchanged throughout all specifications.

Figure 2: The effect of national lockdown on change in workplace mobility in counties
with different levels of Conservative votes in previous national election

Note: This figure plots the average marginal effect of national lockdown on change in workplace

mobility conditional on the Conservative vote share in counties in previous national election. The

underlying coefficients are shown in table C.2.1 in appendix and generated using the aforementioned

model specification. Standard errors are clustered at day-region level.
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5 Conclusion

In this research note, we provide systematic evidence for the importance of parti-

sanship in understanding the views and behaviours of the UK population towards

Covid-19. Voters of different political parties appear to exhibit systematically different

perceived risks of Covid-19 and they tend to behave in terms of Covid-19 public

health measures. While in principle one could speculate that partisan differences

are due to the different socio-economic and demographic profiles of Conservative

voters, our analysis makes clear that these differences remain even when controlling

for differences in age, economic position, education, gender, family status, labour

market status, and regional differences.

Specifically, our findings show that Conservative individuals are more likely to think

that Covid-19 is no more dangerous than a flu and that it is taken too seriously, while

they are less likely to fear they will get infected, and more likely to think they will

recover if they become infected. They were more likely to leave their home during

the national lockdown, even after controlling for confounding factors, and the effect

of the national lockdown on mobility was negative and statistically significant only

in less Conservative counties.

This echoes findings for other countries, such as Spain (Gualda et al., 2021), Brazil

(Ramos et al., 2020), Austria (Knobel, Zhao and White, 2022), or Norway (Wollebæk

et al., 2022), to name a few examples. These results also provide an interesting

contrast to studies on the US where the high political polarisation (Hetherington,

2009; Lupton, Smallpage and Enders, 2020) has been linked with partisanship being

a strong driver of individual differences in Covid-19 perceptions and compliance

(Gollwitzer et al., 2020; Clinton et al., 2021; Allcott et al., 2020; Grossman et al.,
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2020): Republicans tend to perceive Covid-19 as a more minor health threat than

Democrats and are also less likely to follow social distancing rules and to wear masks.

Our research note suggests that partisanship is also associated with pandemic related

individual views and behaviours even when there is consensus among both political

parties.
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Appendix

A Data

A.1 Description of dependent variables in survey

Our individual level analysis relies on a survey collected daily between 25th of March

and 18th of May 2020 by YouGov. It is a repeated cross-section representative

of the UK population with a sample size of over 100,000 respondents. Our data

therefore begins in March with the announcement of a national lockdown by UK

Prime Minister Boris Johnson. Using the respondents’ answers to selected survey

questions, we create six dependent variables of interest:

1. The first dependent variable is based on the question “How likely do you think

you are to catch the virus over the next year?”. It is coded 1 for answers “Quite

likely” and “Very likely”, and 0 for answers “Very unlikely”, “Quite unlikely”,

“Maybe 50-50”.

2. The second dependent variable is based on the question “If you were to have

Coronavirus, how confident are you that you would recover well?” where respon-

dents have the following options: (a) “Very confident”, (b) “Fairly confident”,

(c) “Not very confident”, (d) “Not confident at all”, and (e) “Don’t know”. We

create a dichotomous variable that takes the value 1 if a respondent answered

(a) or (b), and 0 if (c) or (d). We drop individuals who answered (e).

3. The third binary dependent variable is constructed from the question “Which

of these do you think is the more likely outcome of this crisis over the next

year?”. It is coded 1 when respondents answered, “Many deaths, but not much

worse than typical flu”, and 0 otherwise, which includes options “Many millions
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dying throughout the world” and “Hundreds of millions dying throughout the

world”.

4. The fourth dependent variable is whether Covid is not taken seriously enough.

It is based on the survey question: “Do you think overall people are taking

Coronavirus?” We code this variable as 0 if the answer were “Too seriously” or

“About right” and as 1 if “Not seriously enough”.

5. The fifth dependent variable is based on a survey question “Yesterday, did

you leave your home for any reason at all?” and was recoded as 1 for people

answering "Yes, for less than two hours” or “Yes, for more than two hours” and

0 if respondents did not leave the house.

6. The sixth dependent variable is created from a question “To what degree have

you self-isolated?”, which takes value 1 for responses ”I am not going out at all”

and 0 if respondents chose “I am going out much less but still a little”, or “I go

out just as often but only to open places”, or “I have slightly reduced my time

outside”.

To identify partisan affiliation, we use the following survey question: “Generally

speaking, do you think of yourself as Labour, Conservative, Liberal Democrat or

what?” and gives respondents the following options: Conservative, Green, Labour,

Liberal Democrat, SNP, UKIP, None or Other.
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A.2 Summary statistics for survey

Table A.2.1: Summary statistics

Variable N Mean SD

Likely to catch Covid 88,773 0.2415 0.428
Likely to recover from Covid 95,615 0.6944 0.4607
Covid not taken seriously 109,300 0.5204 0.4995
Covid like a flu 94,992 0.282 0.4499
Left home 109,300 0.5751 0.4943
Self-isolation 86,959 0.2294 0.4205
Work full-time 109,300 0.5374 0.4986
Work part-time 109,300 0.1422 0.3492
Retired 109,300 0.2699 0.4439
Unemployed 109,300 0.0388 0.1931
Student 109,300 0.0494 0.2167
Social grade 109,300 0.4063 0.4912
High education 109,300 0.3030 0.4596
Medium education 109,300 0.4331 0.4955
Low education level 109,300 0.2638 0.4407
Female 109,300 0.5323 0.4990
Age: 18 and 24 109,300 0.0944 0.2924
Age: 25 and 34 109,300 0.1569 0.3637
Age: 35 and 44 109,300 0.1666 0.3726
Age: 45 and 54 109,300 0.1609 0.3674
Age: 55 and 65 109,300 0.1647 0.3709
Age 65 or over 109,300 0.2566 0.4367
Single 108,573 0.3925 0.4883
No children 104,886 0.7433 0.4368
1 child 104,886 0.1190 0.3238
2 children 104,886 0.0998 0.2997
3 children or more 104,886 0.0379 0.1910
Conservative 76,231 0.3690 0.4825
Green 76,231 0.0503 0.2185
Labour 76,231 0.3924 0.4883
Liberal Democrat 76,231 0.1063 0.3082
SNP 76,231 0.0354 0.1849
UKIP 76,231 0.0466 0.2108
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A.3 Description of average survey responses for Conservative

and Labour voters

We present the daily average response for Labour and Conservative voters for our six

key variables in Figure A.3.1. We plot daily average responses (with 95% confidence

interval) for four attitudinal and two behavioural variables as the pandemic enfolded.

Conservative voters exhibit lower perceptions of the risk of catching Covid-19. Labour

voters’ perception of this risk fell between mid-March and the end of April, at which

point the Prime Minister declared that the UK had passed the peak of the pandemic.

By contrast, Conservative voters’ self-reported likelihood of catching Covid-19 fell

continuously and only stabilized from mid-May onwards. Throughout the period

under consideration, the gap between the two groups of voters remained above 15

percentage points.

Moreover, the average difference between Labour and Conservative voters in the

self-reported confidence that one would recover from Covid-19 appeared small in

the initial phase of the pandemic from March to mid-April. Next, we can observe

substantial and growing partisan differences in wider views about Covid-19 fatalities.

Conservative voters were systematically more optimistic than Labour about whether

Covid-19 represented a unique and significant health threat. Indeed, in late March

2020, nearly 50% of Conservatives did not think that Covid-19 would cause more

deaths than normal flu. This optimism has tended to fall in tandem for both groups

of voters in late March, as the pandemic enfolded, and the UK entered the national

lockdown. This partisan divergence over time can also be observed in other survey

questions about whether Covid-19 is taken seriously enough: a majority of Labour
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and Conservative voters initially thought it was not taken seriously enough, but this

then fell for Conservatives much more than Labour.5

5 Similarly, a smaller share of Labour voters thought the Economy would bounce back quickly

(Figure B.5, and a much higher share of Labour voters feared for own future (15 percentage points

difference B.4).
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Figure A.3.1: Individual views and behaviour during Covid-19

Note: The plots show the daily average responses for Labour (red) and Conservative (blue) voters, respectively. The plotted lines are loess smoothers (with ninety-five
percent confidence intervals).
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However, there are smaller partisan differences in terms of individual behaviours

towards Covid-19. Indeed, there were comparatively smaller differences between

Conservative and Labour voters in terms of their likelihood to leave their home and

decision to self-isolate. Conservative voters reported a slightly higher daily average

propensity to leave their home, but the gap with Labour voters was small, and the

two groups of voters moved in tandem over time. As the pandemic enfolded, voters

appeared to be progressively more likely to leave their home. To some extent, the

rise towards the end of the period coincided with the announcement in May that

lockdown was going to be lifted. Similarly, the gap in reported self-isolation between

these two groups of voters was not substantial and most of the differences only grew

over time. Labour voters reported marginally higher self-isolation, but the difference

was small, while we can observe a fall in the share that self-isolate for both groups of

voters, from above 25% to above 15%.

The partisan differences we have observed so far could be due to systematic differences

in work patterns and subjective health of respondents for different groups of voters.

While theoretically plausible, we cannot observe empirically a larger share of Labour

voters working from home than is the case for Conservative voters (Figure B.1),

nor is there a statistically significant difference between Conservative and Labour

voters in terms of self-reported employment change due to Covid-19 once we control

for other factors (Figure B.2 and Figure D.1.1). However, the share of voters with

self-assessed good health appeared stable over time and higher for Conservative than

for Labour voters (Figure B.3 and Figure D.1.1).
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A.4 Mobility data

Two datasets have been merged for the second part of the empirical analysis. The

first is the Google mobility dataset which is extracted from the “Google Covid-19

Community Mobility Reports”. This data captures individual movement trends by

geographical units over time. Each observation on a particular day in a specific

geographical unit reports the overall mobility on that day compared to a baseline

day corresponding to a five-week period median value between 3rd January and 6th

February 2020. For our analysis, we focus in the first instance on workplace mobility,

but reproduce our results for transport mobility.

The second dataset is the electoral results for the most recent UK election in 2019. The

electoral results by constituencies were taken from the House of Commons Library.

For each constituency, this dataset reports the total number of valid and invalid

votes as well as the absolute votes for each political party: Labour, Conservative,

Green, Brexit party and Liberal Democrat.

Matching the two datasets is challenging due to multiple cases in the Google mobility

data being reported for geographical units that are larger than the level of reporting

for electoral results which is the constituency. One solution is to use the fact that

Google mobility is often reported at the county level and constituencies in the election

data are nested within counties. This makes it possible to identify all instances where

there is data at the county level in Google mobility dataset and then calculate the

electoral score for this county using the lower level constituency absolute electoral

results. Thus, we first add the total votes in each constituency of each party to

create a county level total score for each political party. We then divide this total

score by the sum of valid and invalid votes in this county. This provides us with the
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percentage of votes that each party in each county received. We then match this

cross-county level electoral score to the Google mobility dataset.

In total, there are 55 county level electoral scores in our dataset. In most cases,

the geographical units match exactly in both datasets: in 39 cases, there was an

exact match between the electoral dataset and the geographical ID in the Google

mobility dataset. In the remaining 16 cases, the match was either not exact or not

possible. Table A.4.1 below shows the cases where the match was exact and hence

straightforward, and the few cases where there is no possible matching. In some

instances, the variables were named slightly differently but correspond to the same

geographical unit (referred to as “other name” in the table). In other more complex

cases, the county level electoral result had to be matched to multiple lower level

sub-regional mobility data. We average the mobility indicator of multiple google

mobility geographical units that are nested in a county (referred to as “average” in the

table). Finally, there are some cases with multiple counties within the geographical

units in the Google mobility data where we must therefore aggregate the electoral

results upwards (referred to as “aggregate” in the table):

1. In the first case, we average the Google mobility variables between “Cheshire

East” and “Cheshire West and Chester” to match the county “Cheshire” from

the electorate dataset.

2. The second case is averaging the Google mobility variables between “Blae-

nau Gwent” and “Vale of Glamorgan” to match the county “Gwent and Mid

Glamorgan” from the electorate dataset.
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3. The third case is averaging the six google mobility variables “Hereford” and

“Worcestershire” to match the county “Hereford and Worcestershire” from the

electorate dataset.

Table A.4.1: Matching electoral and Google mobility datasets

County name Sub region level 1 ID Note
in electoral dataset in Google mobility data

1 Avon no match
2 Bedfordshire Central Bedfordshire subregion
3 Berkshire West Berkshire subregion
4 Buckinghamshire Buckinghamshire exact
5 Cambridgeshire Cambridgeshire exact
6 Cheshire Cheshire East average

Cheshire West and Chester
7 Cleveland Redcar and Cleveland subregion
8 Clwyd no match
9 Cornwall Cornwall exact
10 Cumbria Cumbria exact
11 Derbyshire Derbyshire exact
12 Devon Devon exact
13 Dorset Dorset exact
14 Durham County Durham different name
15 Dyfed no match
16 East Sussex East Sussex exact
17 Essex Essex exact
18 Gloucestershire Gloucestershire exact
19 Greater Manchester Greater Manchester exact
20 Gwent and Mid Glamorgan Blaenau Gwent average

Vale of Glamorgan
21 Gwynedd Gwynedd exact
22 Hampshire Hampshire exact
23 Hereford and Worcester Herefordshire average

Worcestershire
24 Hertfordshire Hertfordshire exact
25 Humberside no match
26 Isle of Wight Isle of Wight exact
27 Kent Kent exact
28 Lancashire Lancashire exact
29 Leicestershire Leicestershire exact
30 Lincolnshire Lincolnshire exact
31 London Greater London different name
32 Merseyside Merseyside exact
33 Norfolk Norfolk exact
34 North Yorkshire North Yorkshire exact
35 Northamptonshire Northamptonshire exact
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Continued. Matching electoral and Google mobility datasets

County name Sub region level 1 ID Note
in electoral dataset in Google mobility data

36 Northern Ireland no match
37 Northumberland Northumberland exact
38 Nottinghamshire Nottinghamshire exact
39 Oxfordshire Oxfordshire exact
40 Powys Powys exact
41 Shropshire Shropshire exact
42 Somerset Somerset exact
43 South Glamorgan Vale of Glamorgan aggregate
44 South Yorkshire South Yorkshire exact
45 Staffordshire Staffordshire exact
46 Suffolk Suffolk exact
47 Surrey Surrey exact
48 Tyne and Wear Tyne and Wear exact
49 Warwickshire Warwickshire exact
50 West Glamorgan Vale of Glamorgan aggregate
51 West Midlands West Midlands exact
52 West Sussex West Sussex exact
53 West Yorkshire West Yorkshire exact
54 Wiltshire Wiltshire exact
31 Gwent and Mid Glamorgan Gwent Blaenau Gwent average

Finally, our analysis of mobility data controls for several county level variables.

These include three independent variables obtained from the Office of National

Statistics: logarithms of population density, wages and house prices. Next, we control

for ethnicity, captured as the percentage of people in a region who define their

ethnicity as white, which we obtain from the House of Commons Library. In addition,

we control for the logarithm of the number of Covid-19 related cases at the regional

level.

34



B Daily average response to survey questions

Figure B.1: Home based work during Covid-19 pandemic

Note: The plot shows the average self-reported home-based work for each day for Labour (red) and
Conservative (blue) voters. The plotted lines are loess smoothers (with ninety-five percent confidence
intervals).

Figure B.2: Loss of employment due to Covid-19 over

Note: The plot shows the average response whether respondent lost job due to Covid-19 for each
day for Labour (red) and Conservative (blue) voters. The plotted lines are loess smoothers (with
ninety-five percent confidence intervals).
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Figure B.3: Self-reported heath below average for respondent’s age

Note: The plot shows the average response whether respondent?s health is below average given
their age for each day for Labour (red) and Conservative (blue) voters. The plotted lines are loess
smoothers (with ninety-five percent confidence intervals).

Figure B.4: Fear for own future during Covid-19 pandemic.

Note: The plot shows the average response whether respondent fears for their own future for each
day for Labour (red) and Conservative (blue) voters. The plotted lines are loess smoothers (with
ninety-five percent confidence intervals).
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Figure B.5: Belief that economy will bounce back quickly after Covid-19 pandemic

Note: The plot shows the average response whether respondent believe that the economy will bounce
back quickly after Covid-19 pandemic for each day for Labour (red) and Conservative (blue) voters.
The plotted lines are loess smoothers (with ninety-five percent confidence intervals).

37



C Regression results in table format

C.1 Regression results for survey data
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Table C.1.1: Results from OLS regressions of Covid Attitudes

Model (1) (2) (3) (4) (5) (6) (7) (8)

Dependent variable Covid Like Covid Like Covid Not Covid Not Likely Likely Likely to Likely to
Flu Flu Taken Seriously Taken Seriously Recovery Recovery Catch Catch

(reference: Conservative voters)

Green -0.151*** -0.149*** 0.104*** 0.0970*** 0.0505*** -0.0495*** 0.129*** 0.0640***
(0.00800) (0.00840) (0.00883) (0.00903) (0.00845) (0.00843) (0.00896) (0.00920)

Labour -0.157*** -0.156*** 0.114*** 0.0947*** -0.0138*** -0.0767*** 0.0913*** 0.0521***
(0.00411) (0.00431) (0.00426) (0.00442) (0.00438) (0.00433) (0.00414) (0.00421)

Liberal Democrat -0.142*** -0.140*** -0.00284 0.0143** 0.0333*** -0.0340*** 0.102*** 0.0503***
(0.00600) (0.00605) (0.00630) (0.00637) (0.00639) (0.00620) (0.00615) (0.00618)

None -0.0561*** -0.0652*** 0.0771*** 0.0520*** 0.0202*** -0.0443*** 0.0538*** 0.0160***
(0.00566) (0.00576) (0.00583) (0.00591) (0.00553) (0.00551) (0.00530) (0.00537)

Other -0.0580*** -0.0721*** 0.0509*** 0.0381*** -0.0567*** -0.0840*** 0.0858*** 0.0675***
(0.0112) (0.0116) (0.0112) (0.0115) (0.0116) (0.0117) (0.0107) (0.0111)

Plaid Cymru -0.130*** -0.131*** 0.193*** 0.179*** -0.0483* -0.0753*** 0.0558** 0.0141
(0.0237) (0.0252) (0.0255) (0.0263) (0.0274) (0.0273) (0.0253) (0.0264)

Scottish National Party -0.144*** -0.161*** 0.141*** 0.132*** -0.0146 -0.0932*** 0.0556*** 0.0194*
(0.00954) (0.0116) (0.0110) (0.0129) (0.0104) (0.0117) (0.00940) (0.0115)

UK Independence Party 0.0595*** 0.0457*** 0.0648*** 0.0381*** -0.0905*** -0.0756*** 0.00409 0.0240***
(0.00971) (0.00974) (0.00933) (0.00922) (0.00954) (0.00915) (0.00824) (0.00837)

Constant 0.364*** 0.612*** 0.452*** 0.684*** 0.690*** 0.924*** 0.188*** 0.213***
(0.00333) (0.0360) (0.00356) (0.0337) (0.00314) (0.0344) (0.00272) (0.0329)

Observations 76,770 74,818 87,751 85,334 76,796 74,745 71,370 69,493
R-squared 0.027 0.063 0.011 0.050 0.003 0.116 0.010 0.061
Controls No Yes No Yes No Yes No Yes

Note: This table displays the results from linear probability model regressions of different attitudes related to Covid-19 for different UK voters. Standard
errors are clustered at the day and region levels. *** p<0.01, ** p<0.05, * p<0.1.
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Table C.1.2: Results from OLS regressions of Covid Behaviours

Model (1) (2) (3) (4)

Dependent variable Left Home Left Home Self-Isolation Self-Isolation
(reference: Conservative voters)

Green 0.0203** 0.00397 -0.0106 -0.0116
(0.00891) (0.00912) (0.00848) (0.00871)

Labour -0.0182*** -0.0210*** 0.00773* 0.000737
(0.00433) (0.00449) (0.00410) (0.00431)

Liberal Democrat 0.0164** -0.00517 -0.0139** -0.00886
(0.00645) (0.00656) (0.00571) (0.00585)

None -0.0171*** -0.0222*** 0.00285 0.00123
(0.00582) (0.00581) (0.00530) (0.00548)

Other -0.00123 -0.0158 0.0131 0.0151
(0.0109) (0.0114) (0.0106) (0.0112)

Plaid Cymru -0.0262 -0.0134 -0.0140 -0.0526*
(0.0275) (0.0278) (0.0267) (0.0276)

Scottish National Party -0.00354 -0.0580*** -0.000877 0.0223*
(0.0102) (0.0123) (0.0102) (0.0115)

UK Independence Party -0.0490*** -0.0374*** 0.0314*** 0.0232**
(0.00933) (0.00925) (0.00958) (0.00957)

Constant 1.586*** 1.510*** 0.225*** 0.434***
(0.00325) (0.0337) (0.00305) (0.0360)

Observations 87,751 85,334 70,101 68,314
R-squared 0.001 0.038 0.000 0.028
Controls No Yes No Yes

Note: This table displays the results from linear probability model regressions of different behaviours
related to Covid-19 for different UK voters. Standard errors are clustered at the
day and region levels. *** p<0.01, ** p<0.05, * p<0.1.
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Table C.1.3: Attitudes and behaviours related to Covid-19 for Conservative voters

Covid Like Covid Not Likely to Catch Likely Recovery Left Home Self Isolation
Flu Taken Seriously

(1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11) (12)

Conservative 0.119*** 0.118*** -0.0879*** -0.0702*** -0.0810*** -0.0431*** 0.00370 0.0637*** 0.0118*** 0.0196*** -0.00365 -0.00112
(0.00370) (0.00389) (0.00373) (0.00385) (0.00337) (0.00348) (0.00380) (0.00381) (0.00380) (0.00395) (0.00356) (0.00375)

Female -0.131*** 0.0888*** 0.0169*** -0.0521*** -0.0695*** 0.0355***
(0.00338) (0.00355) (0.00321) (0.00339) (0.00355) (0.00335)

Covid Death -0.0000247*** 0.000000770 -0.00000509 -0.0000303*** 0.0000571*** 0.00000488
(0.00000793) (0.00000894) (0.00000723) (0.00000771) (0.00000819) (0.00000753)

Single 0.0121*** -0.0222*** -0.0129*** -0.0251*** -0.0223*** 0.0152***
(0.00379) (0.00386) (0.00352) (0.00371) (0.00379) (0.00370)

Age - 25-34 -0.00938 -0.000405 0.0390*** -0.0672*** 0.0250*** -0.0428***
(0.00944) (0.00974) (0.00939) (0.00686) (0.00934) (0.00942)

Age - 35-44 -0.0233** -0.0246** 0.0393*** -0.129*** 0.0290*** -0.0619***
(0.00961) (0.00961) (0.00950) (0.00706) (0.00947) (0.00962)

Age - 45-54 -0.0445*** -0.0463*** 0.0247*** -0.204*** 0.0498*** -0.0967***
(0.00958) (0.00950) (0.00938) (0.00740) (0.00935) (0.00957)

Age - 55-64 -0.0590*** -0.0639*** -0.0171* -0.266*** 0.0613*** -0.109***
(0.00983) (0.00996) (0.00952) (0.00774) (0.00980) (0.00973)

Age - 65+ -0.0633*** -0.0739*** -0.0962*** -0.341*** -0.00591 -0.0577***
(0.0108) (0.0109) (0.0102) (0.00921) (0.0110) (0.0106)

High social grade 0.0106*** 0.0466*** -0.0282*** -0.0253*** -0.0102*** 0.0113***
(0.00384) (0.00371) (0.00363) (0.00362) (0.00371) (0.00366)

t2 0.000118*** 0.000209*** 0.00000241 0.0000253** 0.000101*** 0.0000255**
(0.0000111) (0.0000120) (0.00000999) (0.0000105) (0.0000110) (0.0000102)

t -0.00801*** -0.0139*** -0.00183*** -0.00265*** -0.00447*** -0.00369***
(0.000602) (0.000652) (0.000543) (0.000564) (0.000596) (0.000556)
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Continued. Attitudes and behaviours related to Covid-19 for Conservative voters

Educational level - low -0.0128*** -0.0349*** 0.0397*** 0.0185*** 0.0104** -0.0103**
(0.00432) (0.00434) (0.00391) (0.00431) (0.00431) (0.00438)

Educational level -Medium -0.0640*** -0.0993*** 0.0997*** 0.0283*** 0.0352*** -0.0275***
(0.00484) (0.00469) (0.00472) (0.00487) (0.00477) (0.00465)

Full and part time 0.0302*** -0.0228*** 0.0274*** 0.175*** 0.176*** -0.0679***
(0.00595) (0.00627) (0.00624) (0.00646) (0.00645) (0.00658)

Part time -0.00407 -0.0211*** -0.0164*** -0.0221*** -0.0146*** -0.0238***
(0.00531) (0.00561) (0.00560) (0.00529) (0.00560) (0.00472)

No children -0.00528 0.00240 -0.00966 -0.0140 0.0108 -0.0450***
(0.00966) (0.00969) (0.00984) (0.00878) (0.00957) (0.00966)

One child 0.00660 -0.00616 -0.00798 0.00335 0.0230** -0.0395***
(0.0105) (0.0106) (0.0108) (0.00950) (0.0105) (0.0104)

Two -0.0110 -0.0137 0.0165 0.00567 0.00156 -0.0269***
(0.0104) (0.0106) (0.0108) (0.00945) (0.0105) (0.0104)

Retired 0.0106 -0.0394*** -0.0223*** 0.0706*** 0.0733*** -0.0169**
(0.00770) (0.00808) (0.00746) (0.00867) (0.00808) (0.00796)

Unemployed 0.0210* -0.00867 -0.0361*** 0.0715*** 0.0504*** -0.0399***
(0.0112) (0.0109) (0.0101) (0.0107) (0.0115) (0.0121)

Student -0.0195 -0.0322** 0.0343*** 0.137*** 0.0861*** -0.0139
(0.0122) (0.0126) (0.0124) (0.00996) (0.0130) (0.0135)

Constant 0.245*** 0.481*** 0.540*** 0.778*** 0.269*** 0.247*** 0.686*** 0.849*** 0.574*** 0.476*** 0.228*** 0.444***
(0.00212) (0.0360) (0.00262) (0.0330) (0.00221) (0.0326) (0.00220) (0.0341) (0.00225) (0.0333) (0.00217) (0.0357)

N 76770 74818 87751 85334 71370 69493 76796 74745 87751 85334 70101 68314
R squared 0.0148 0.0534 0.00655 0.0468 0.00763 0.0598 0.0000135 0.115 0.000121 0.0379 0.0000161 0.0278
Controls No Yes No Yes No Yes No Yes No Yes No Yes

Standard errors are clustered at the day and region levels. ∗ p < 0.10; ∗ ∗ p < 0.05; ∗ ∗ ∗ p < 0.01. Region fixed effects were applied but were omitted from table.
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Table C.1.4: Attitudes and behaviours related to Covid-19 for Conservative voters. Logistic models.

Covid Like Flu Covid Not Taken Seriously Likely to Catch Likely Recovery Left Home Self Isolation

(1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11) (12)

Conservative 0.566*** 0.585*** -0.353*** -0.293*** -0.464*** -0.269*** 0.0172 0.330*** 0.0485*** 0.0841*** -0.0208 -0.00565
(0.0172) (0.0190) (0.0150) (0.0161) (0.0203) (0.0219) (0.0177) (0.0199) (0.0156) (0.0169) (0.0203) (0.0222)

Observations 76,770 74,818 87,751 85,334 71,370 69,493 76,796 74,745 87,751 85,334 70,101 68,314
Controls No Yes No Yes No Yes No Yes No Yes No Yes

This table displays the results from logistic regressions of workplace mobility for Conservative counties in the UK. All models include controls as described in
Methods and Data section. Standard errors are clustered at the day and region levels. *** p<0.01, ** p<0.05, * p<0.1.
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Table C.1.5: Attitudes and behaviours related to Covid-19 for Conservative voters. Probit models.

Covid Like Flu Covid Not Taken Seriously Likely to Catch Likely Recovery Left Home Self Isolation

(1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11) (12)

Conservative 0.341*** 0.352*** -0.221*** -0.182*** -0.270*** -0.157*** 0.0104 0.198*** 0.0302*** 0.0521*** -0.0121 -0.00289
(0.0104) (0.0114) (0.00941) (0.0100) (0.0117) (0.0126) (0.0107) (0.0120) (0.00974) (0.0104) (0.0118) (0.0129)

Observations 76,770 74,818 87,751 85,334 71,370 69,493 76,796 74,745 87,751 85,334 70,101 68,314
Controls No Yes No Yes No Yes No Yes No Yes No Yes

This table displays the results from probit regressions of workplace mobility for Conservative counties in the UK. All models include controls as described in
Methods and Data section. Standard errors are clustered at the day and region levels. *** p<0.01, ** p<0.05, * p<0.1.
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Table C.1.6: Attitudes and behaviours related to Covid-19 for Conservative voters with time fixed effects

Covid Like Flu Covid Not Taken Seriously Likely to Catch Likely Recovery Left Home Self Isolation

(1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11) (12)

Conservative 0.118*** 0.118*** -0.0702*** -0.0705*** -0.0431*** -0.0434*** 0.0637*** 0.0639*** 0.0196*** 0.0202*** -0.00112 -0.00106
(0.00389) (0.00388) (0.00385) (0.00385) (0.00348) (0.00349) (0.00381) (0.00381) (0.00395) (0.00394) (0.00375) (0.00375)

N 74818 74818 85334 85334 69493 69493 74745 74745 85334 85334 68314 68314
R squared 0.0534 0.0556 0.0468 0.0528 0.0598 0.0612 0.115 0.116 0.0379 0.0436 0.0278 0.0286
Controls Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Time FE No Yes No Yes No Yes No Yes No Yes No Yes

This table displays the results from OLS regressions of workplace mobility for Conservative counties in the UK. All models include controls as described in Methods and
Data section. Standard errors are clustered at the day and region levels. *** p<0.01, ** p<0.05, * p<0.1.
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C.2 Regression results for mobility data
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Table C.2.1: Full regression results for Figure 2 in manuscript

Model (3)

Dependent variable Mobility

Conservative -13.08***
(1.143)

Lockdown -4.093***
(0.574)

Conservative * Lockdown 7.819***
(1.234)

Log Covid-19 Cases -0.0355
(0.0408)

Trend 0.00250
(0.00202)

Trend Squared -1.02e-05
(7.20e-06)

Log House Prices 7.413***
(0.662)

Pop White % -124.1***
(5.274)

Log Population Density -18.31***
(0.946)

Log Wage 20.39***
(4.087)

Constant -76.32***
(28.38)

Observations 7,581
R-squared 0.314
Covid Yes
Trend Yes
Region Yes
Controls Yes

Note: This table displays the results from OLS
regressions of workplace mobility for Conservative
counties in the UK. All models include controls
as described in Methods and Data section.
Standard errors are clustered at the day and
region levels. *** p<0.01, ** p<0.05, * p<0.1.
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Table C.2.2: Robustness checks for mobility regression – changing time windows

Model (1) (2) (3) (4) (5)

Dependent variable Mobility Mobility Mobility Mobility Mobility

Conservative -9.341*** -9.874*** -9.963*** -9.935*** -9.754***
(1.931) (1.947) (1.977) (2.007) (2.022)

Lockdown -1.930 -2.465** -2.779** -2.811** -2.473**
(1.237) (1.198) (1.194) (1.196) (1.193)

Conservative * Lockdown 5.674** 5.866*** 5.810*** 5.559** 4.738**
(2.373) (2.273) (2.243) (2.238) (2.230)

Log Covid-19 Cases 1.130*** 0.436*** 0.0747 -0.0689 -0.0688
(0.201) (0.136) (0.0972) (0.0726) (0.0662)

Trend -0.290*** -0.107*** -0.0278 -0.000783 0.00272
(0.0488) (0.0294) (0.0177) (0.0110) (0.00879)

Trend Squared 0.00219*** 0.000731*** 0.000177* 6.97e-06 -1.30e-05
(0.000370) (0.000195) (0.000103) (5.34e-05) (3.76e-05)

Log House Prices -0.954 0.719 1.845 3.140*** 4.590***
(1.374) (1.263) (1.188) (1.178) (1.134)

Pop White Reg% -89.88*** -97.58*** -97.86*** -94.78*** -89.54***
(8.772) (7.817) (7.242) (7.026) (6.661)

Log Population Density -15.93*** -16.02*** -15.26*** -14.38*** -13.12***
(1.745) (1.545) (1.444) (1.426) (1.357)

Log Wage 37.60*** 35.06*** 30.05*** 22.93*** 13.33*
(8.864) (8.010) (7.521) (7.510) (7.196)

Constant -195.1*** -182.9*** -149.6*** -100.3* -31.78
(62.33) (56.41) (52.82) (52.49) (50.33)

Observations 2,370 2,999 3,628 4,331 4,921
R-squared 0.309 0.320 0.327 0.327 0.330
Covid Yes Yes Yes Yes Yes
Trend Yes Yes Yes Yes Yes
Region Yes Yes Yes Yes Yes
Controls Yes Yes Yes Yes Yes
Period 100 125 150 175 200

Note: This table displays the results from OLS regressions of workplace mobility
for Conservative counties in the UK. Standard errors are clustered at the day
and region levels. Robust standard errors in parentheses *** p<0.01, ** p<0.05, * p<0.1.
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Continued. Robustness checks for mobility regression – changing time windows

Model (6) (7) (8) (9)

Dependent variable Mobility Mobility Mobility Mobility

Conservative -10.42*** -11.27*** -12.22*** -13.08***
(2.045) (2.069) (2.080) (2.088)

Lockdown -2.809** -3.572*** -4.066*** -4.093***
(1.198) (1.205) (1.206) (1.206)

Conservative * Lockdown 5.392** 6.918*** 7.924*** 7.819***
(2.238) (2.254) (2.250) (2.245)

Log Covid-19 Cases -0.0552 -0.0606 -0.0414 -0.0355
(0.0614) (0.0604) (0.0601) (0.0578)

Trend 0.00168 0.00193 0.000400 0.00250
(0.00738) (0.00670) (0.00572) (0.00468)

Trend Squared -7.40e-06 -8.73e-06 -2.21e-06 -1.02e-05
(2.83e-05) (2.43e-05) (1.95e-05) (1.48e-05)

Log House Prices 5.475*** 6.359*** 7.489*** 7.413***
(1.092) (1.109) (1.109) (1.079)

Pop White Reg% -96.59*** -104.4*** -113.1*** -124.1***
(6.432) (6.472) (6.497) (6.351)

Log Population Density -14.07*** -15.11*** -16.29*** -18.31***
(1.307) (1.324) (1.329) (1.299)

Log Wage 13.10* 13.53* 13.97** 20.39***
(6.910) (7.033) (7.061) (6.892)

Constant -28.19 -29.99 -33.29 -76.32
(48.36) (49.08) (49.23) (48.06)

Observations 5,620 6,249 6,915 7,581
R-squared 0.332 0.328 0.319 0.314
Covid Yes Yes Yes Yes
Trend Yes Yes Yes Yes
Region Yes Yes Yes Yes
Controls Yes Yes Yes Yes
Period 225 250 275 300

Note: This table displays the results from OLS regressions of workplace mobility
for Conservative counties in the UK. Standard errors are clustered at the day
and region levels. Robust standard errors in parentheses *** p<0.01, ** p<0.05, * p<0.1.
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Table C.2.3: Mode of transportation. Robustness checks

(1) (2) (3) (4)
Benchmark Train Car All

Conservative -13.08*** -18.05*** -10.14*** -13.64***
(2.088) (2.161) (2.174) (2.125)

Lockdown -4.093*** -4.007*** -4.116*** -4.094***
(1.206) (1.257) (1.210) (1.204)

Lockdown × Conservative 7.819*** 7.645*** 7.866*** 7.822***
(2.245) (2.311) (2.250) (2.241)

Log Covid-19 Cases -0.0355 -0.0366 -0.0353 -0.0354
(0.0578) (0.0564) (0.0579) (0.0578)

Trend 0.00250 0.00259 0.00248 0.00249
(0.00468) (0.00457) (0.00468) (0.00468)

Trend Squared -0.0000102 -0.0000104 -0.0000102 -0.0000102
(0.0000148) (0.0000145) (0.0000148) (0.0000148)

Log House Prices 7.413*** 7.637*** 7.153*** 7.152***
(1.079) (1.111) (1.079) (1.101)

Pop White Reg -124.1*** -102.2*** -135.6*** -131.7***
(6.351) (7.082) (6.608) (8.192)

Log Population Density -18.31*** -12.71*** -20.00*** -19.49***
(1.299) (1.442) (1.334) (1.535)

Log Wage 20.39*** 33.82*** 23.40*** 23.80***
(6.892) (7.239) (6.961) (7.453)

Train travel -92.29***
(4.916)

Car travel -11.97***
(2.131)

Total travel -4.121*
(2.263)

N 7581 7581 7581 7581
R squared 0.314 0.378 0.316 0.314
Covid Yes Yes Yes Yes
Trend Yes Yes Yes Yes
Region Yes Yes Yes Yes
Controls Yes Yes Yes Yes

This table displays the results from OLS regressions of workplace mobility for
Conservative counties in the UK. All models include controls as described in Methods
and Data section. Standard errors are clustered at the day and region levels. Robust
standard errors in parentheses *** p<0.01, ** p<0.05, * p<0.1.
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Table C.2.4: Workforce mobility controlling for key workers. Robustness checks

(1) (2) (3) (4) (5)
Benchmark Total key workers Ln key workers % key workers Ln health workers

Conservative -13.08*** -24.94*** -27.60*** -15.81*** -28.86***
(2.088) (2.207) (2.231) (2.112) (2.318)

Lockdown -4.093*** -4.249*** -4.219*** -4.742*** -4.578***
(1.206) (1.211) (1.221) (1.221) (1.236)

Lockdown × Conservative 7.819*** 8.406*** 8.349*** 9.491*** 9.169***
(2.245) (2.255) (2.265) (2.277) (2.311)

Log Covid-19 Cases -0.0355 -0.0307 -0.0302 -0.0304 -0.0298
(0.0578) (0.0609) (0.0605) (0.0634) (0.0622)

Trend 0.00250 -0.00104 -0.00109 -0.000216 -0.000305
(0.00468) (0.00485) (0.00477) (0.00500) (0.00497)

Trend Squared -0.0000102 -0.00000226 -0.00000214 -0.00000405 -0.00000383
(0.0000148) (0.0000153) (0.0000151) (0.0000158) (0.0000157)

Log House Prices 7.413*** 8.530*** 2.592** 20.27*** 14.24***
(1.079) (1.178) (1.222) (1.157) (1.293)

Pop White Reg -124.1*** -129.8*** -144.6*** -78.89*** -96.15***
(6.351) (6.739) (6.739) (6.708) (7.388)

Log Population Density -18.31*** -18.01*** -22.45*** -8.337*** -12.35***
(1.299) (1.399) (1.391) (1.399) (1.571)

Log Wage 20.39*** 14.59* 47.80*** -56.57*** -23.75***
(6.892) (7.543) (7.761) (7.475) (8.365)

Total key workers -0.0000169***
(0.000000847)

Ln key workers -3.320***
(0.163)

% key workers 29.55***
(1.281)

Ln health workers -3.224***
(0.184)

N 7581 6760 6760 6555 6555
R squared 0.314 0.347 0.383 0.351 0.377
Covid Yes Yes Yes Yes Yes
Trend Yes Yes Yes Yes Yes
Region Yes Yes Yes Yes Yes
Controls Yes Yes Yes Yes Yes

This table displays the results from OLS regressions of workplace mobility for Conservative counties in the UK. All
models include controls as described in Methods and Data section. Standard errors are clustered at the day and region
levels. Robust standard errors in parentheses *** p<0.01, ** p<0.05, * p<0.1.
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Table C.2.5: Mobility by type controlling for time fixed effects

(1) (2) (3) (4)
Workplace Workplace Transit Transit

Conservative -13.08*** -13.74*** 20.62*** 19.78***
(2.088) (2.143) (3.877) (3.957)

Lockdown -4.093*** -9.611*** -10.03*** -17.75***
(1.206) (2.598) (2.298) (4.938)

Lockdown × Conservative 7.819*** 8.576*** 20.25*** 21.16***
(2.245) (2.307) (4.272) (4.287)

Log Covid-19 Cases -0.0355 0.411** 0.110 0.717*
(0.0578) (0.171) (0.132) (0.382)

Log House Prices 7.413*** 8.662*** 47.48*** 49.14***
(1.079) (1.177) (2.388) (2.598)

Pop White Reg -124.1*** -124.8*** 185.4*** 184.6***
(6.351) (6.487) (23.32) (23.58)

Log Population Density -18.31*** -18.55*** 38.35*** 38.03***
(1.299) (1.328) (3.978) (4.017)

Log Wage 20.39*** 16.21** -341.7*** -347.4***
(6.892) (7.154) (16.39) (17.08)

Trend 0.00250 -0.0314***
(0.00468) (0.0114)

Trend Squared -0.0000102 0.0000930***
(0.0000148) (0.0000333)

N 7581 7581 7413 7413
R squared 0.314 0.317 0.233 0.236
Covid Yes No Yes Yes
Trend Yes No Yes No
Region Yes Yes Yes Yes
Controls Yes Yes Yes Yes
Date FE No Yes No Yes

This table displays the results from OLS regressions of workplace and transit
mobility for Conservative counties in the UK. All odd models include controls as
described in Methods and Data section. All even columns include control variables,
time and region fixed effects. Standard errors are clustered at the day and region
levels. ∗ p < 0.10; ∗ ∗ p < 0.05; ∗ ∗ ∗ p < 0.01.
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D Additional plots

D.1 Additional coefficient plots
Figure D.1.1: Coefficient plots of home based work, employment loss, good health,
and fearing for own future

Note: The plot shows the coefficients (with 95% confidence intervals) capturing the effect of being

a Conservative voter as compared to other voters, extracted from regressions of attitudes towards

Covid-19 on partisanship. The green estimates are for regressions without control variables. The red

estimates are based on specifications with control variables.
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Figure D.1.2: The effect of national lockdown on change in transit mobility in
counties with different levels of Conservative votes in previous national election

Note: Results from the specification using the google mobility data except the dependant variable is

the change in transit mobility. Standard errors are clustered at day-region level.
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E Random forests method

To assess the predictive power of partisanship relative to other individual charac-

teristics, we adopt a machine learning approach using the random forests method

(Breiman, 2001). Specifically, we use this method to explore the importance of parti-

sanship relative to other individual factors, and identify the factors that most strongly

predict Covid-19 related beliefs and behaviours. This method entails building many

decision trees, and then only considering a subset of predictors for each split in a tree

rather than a whole sample of predictors. It builds a large collection of decorrelated

trees and then averages them. Following established practice, after estimating each

model, we record the error rate in each classification and then use the following

standard procedure to determine the importance of each variable.

We first select each variable with values v1, v2, . . . , vn for each observation. Second, we

permute values so that the first observation gets a value of v5, the second v3 and so on

in a random way. We use the same control variables we before. Then we re-estimate

our random forest and record the error rate again. We then repeat this procedure

multiple times which yields an average error rate for the case where one variable has

been permuted. As each value is assigned to the wrong observation, permutation

effectively reduces the impact of each variable. By comparing the error rate to the

benchmark case, we can in turn determine the importance of each variable. If the

error rate is not significantly increased by the permutation, the variable is deemed

not important to the prediction. We use this method to explore the importance of

partisanship relative to other individual factors, and identify the factors that most

strongly predict Covid-19 related beliefs and behaviours.
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The results are presented in Figure E1, which reports the importance of partisanship

computed by random forests. We display both the mean decrease in accuracy,

which estimates the improvements in the accuracy of the random forest prediction

for each variable, and the mean decrease in Gini, which takes into account both

improvements in accuracy and the degree of misclassification. We find strong evidence

that partisanship is one of the most important variables to predict Covid-19 related

beliefs and behaviours. When focusing on mean decrease in accuracy, partisanship

is in the top 3 strongest predictors of respondents thinking that Covid-19 is like

a normal flu, not taken seriously enough, and the estimated likelihood of recovery.

When focusing on the mean decrease in Gini, partisanship is in the top 3 most

important variables for all six dependent variables.
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Figure E.1: Random forest results of the rank of partisanship among most important
features

Note: The top panel presents results from mean decrease accuracy and the bottom panel depicts

ranking from mean decrease in Gini.
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